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Introduction
* Developments of high-throughput sequencing biotechnologies enable monitoring thousands of molecules (RNA, protein or metabolites) simultaneously.

ne potential to revolutionize how we study plants and other organismes.
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 RNA-sequencing (RNA-seq) is a common and important high-throughput sequencing technology. However, mapping uncertainty exists and becomes the
computational bottleneck in RNA-seq analysis.

Objective

* Design an RNA-seq data analysis pipeline and corresponding computational tools/programs in a
plant genome
* Break the computational bottleneck in RNA-seq analysis

Key Work

We are using co-expression information from an independent microarray study as a training set to
predict relative weights among a gene and its homologs under a certain condition for use in RNA-seq
analysis studies. Co-expressed genes with unique mapped reads will be set as a reference to guide
assignment of the multiple mapped reads base on a well defined mathematical model.
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Methods

Predict relative weights among a gene and its homologs under a certain condition, based on large-
scale co-expression modules in a target plant genome. Then the predicted weights can help assign
those multiple mapped RNA reads
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